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Abstract
Checkerboards have emerged as a metaphor to (1) describe mutually exclusive patterns of co-occurrence for ecologically 
similar species that are geographically interspersed (i.e., checkerboard distributions), and (2) characterize relationships among 
species distributions along gradients that involve entire metacommunities (i.e., checkerboard metacommunity structure). 
Critical differences exist in the conceptual foundations that characterize these patterns. Checkerboard distributions are char-
acterized by mutual exclusion of geographically interspersed species, usually pairs of ecologically similar species for which 
competition prevents syntopy. In contrast, checkerboard metacommunity structures are more restrictive: groups of species 
must exhibit mutually exclusive distributions, and each of these groups must be spatially independent of all other groups. 
Consequently, in a checkerboard metacommunity, competition defines one relationship for each species (i.e., that with its 
mutually exclusive partner), whereas independence characterizes all other interspecific associations. Consequently, a struc-
ture designed to be consistent with this concept will conclude that the metacommunity has random rather than checkerboard 
structure. Indeed, empirical checkerboard metacommunities are quite rare (7 of 766 reported empirical structures), and likely 
arise because of poor characterization of species ranges due to detection errors (i.e., a preponderance of rare or hard-to-detect 
species), rather than from underlying ecological mechanisms. Importantly, no ecological mechanism has been identified that 
is consistent with the concept of negative coherence. Consequently, the evaluation of checkerboards should be restricted to 
small sets of ecologically similar species for which interspecific interactions may lead to mutual exclusion, and coherence 
should be used only to evaluate if species distributions are more coherent than expected by chance (i.e., one-tailed tests).
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Introduction

Checkerboard distributions were conceived to describe 
relationships between ecologically similar species with geo-
graphically interspersed and mutually exclusive distributions 
(e.g., MacArthur et al. 1972; Diamond 1975). Such patterns 

were first described for birds that exhibited interdigitating 
distributions on small oceanic islands that were not capable 
of supporting multiple populations of ecologically similar 
species (MacArthur et al. 1972; Diamond 1975). The mecha-
nisms invoked to explain these patterns were priority effects 
and competitive exclusion of ecologically similar species by 
initial colonists. In general, checkerboard distributions have 
been evaluated for pairs of ecologically similar species, with 
methods developed to measure patterns of co-occurrence 
(variance ratio, Schluter 1984; checkerboard score, Stone 
and Roberts 1990) and to determine if empirical patterns 
differed from those generated by chance (Ulrich and Gotelli 
2013; Connor et al. 2013; Gotelli et al. 2015). Importantly, 
identification of ecological interactions (e.g., combinations 
of competition, priority effects, natural enemies, microhabi-
tat variation) as the mechanism responsible for checkerboard 
distributions requires considerations of the overlap of geo-
graphical ranges (i.e., “true checkerboards”), as regional 
allopatry could result in mutual exclusion (and a lack of 
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co-occurrence) due to historical biogeography, habitat spe-
cialization, abiotic tolerance, or differential responses to 
predators or pathogens (Connor et al. 2013). Even when 
species have coincident geographical ranges, identification 
of the non-trophic mechanisms that mold patterns of species 
co-occurrence is difficult (Barner et al. 2018). Moreover, 
although co-occurrence metrics evaluate patterns of spe-
cies segregation or aggregation, they do not determine if 
patterns of segregation represent checkerboard distributions 
(i.e., geographically interspersed mutual exclusion), as geog-
raphy is ignored in co-occurrence analyses.

In contrast to this early conception of checkerboard distri-
butions as geographically interspersed pairs of ecologically 
similar species, the checkerboard metacommunity concept 
was developed to describe a structure based on the distribu-
tions of all species in a metacommunity, which is a set of 
ecological communities occurring at sites along an environ-
mental gradient that are potentially connected by dispersal 
(Leibold and Mikkelson 2002). Two important criteria dif-
ferentiate these two concepts of checkerboards. First, check-
erboard distributions are restricted to ecologically similar 
species, whereas checkerboard metacommunity structure 
includes all species in the metacommunity regardless of 
ecological similarity. Second, checkerboard distributions are 
based on priority effects and intense competition (or some 
other combination of ecological mechanisms such as dis-
persal limitation, natural enemies, microhabitat variation), 
resulting in interspersed, mutually exclusive distributions 
for pairs of ecologically similar species (Diamond 1975). 
In contrast, checkerboard metacommunity structure requires 
these mechanisms to shape the distributions of multiple pairs 
of ecologically similar species, with the additional criterion 
of independence among the distributions of these pairs. The 
multiple meanings of “checkerboards” has become apparent 
(Connor et al. 2013; Schmera et al. 2018), requiring careful 
consideration to distinguish these patterns from each other, 
as well as the underlying ecological mechanisms, geographi-
cal processes, and methods appropriate for detecting each 
type of pattern.

Metacommunity structure

Metacommunity structure is an emergent property that 
describes the relationships among species’ distributions 
across an environmental gradient (Leibold and Mikkelson 
2002; Presley et al. 2012). Over the last century, a number 
of idealized metacommunity structures have been described 
based on ecological theory, with each structure represent-
ing a distinct prediction about the effects of ecological 
mechanisms on the relationships among species distribu-
tions. We briefly describe each of these idealizations and the 

ecological mechanism(s) originally proposed to give rise to 
such structures.

According to the community unit theory, species distri-
butions along gradients result in distinguishable units that 
are identifiable based on differences in species composition 
(Clements 1916, 1936; Whittaker 1975). These “Clement-
sian” metacommunities are characterized by coincident 
range boundaries that delimit compartments (i.e., a set of 
communities with similar species composition that is dis-
tinctive from other such sets of communities; Lewinsohn 
et al. 2006). In contrast, the individualistic hypothesis posits 
that local coexistence arises from the adaptation of each spe-
cies to environmental variation, including biotic and abiotic 
components (Gleason 1926, 1939; Whittaker 1965, 1975). 
According to this theory, species distributions and distri-
butional range boundaries should occur idiosyncratically 
and independently of each other along environmental gra-
dients, forming “Gleasonian” structures that lack compart-
ments (Gleason 1926; McIntosh 1967). Strong interspecific 
competition coupled with trade-offs in competitive ability 
may give rise to species distributions and range boundaries 
that are spaced evenly along environmental gradients (Til-
man 1982). Alternatively, strong competition may result in 
checkerboard patterns characterized by ecologically similar 
species that have overlapping geographical ranges, but that 
are not syntopic (Diamond 1975), with distributions of each 
pair of species being independent of other pairs (Leibold 
and Mikkelson 2002). Finally, variation among species in 
dispersal ability, habitat specialization, or abiotic toler-
ance, coupled with sequential colonization or extinction, 
may give rise to nested subsets (Patterson and Atmar 1986). 
Nested structures are characterized by the ranges of spe-
cies with more narrow distributions (e.g., specialists or poor 
dispersers) being contained wholly within those of species 
with more broad distributions (e.g., generalists or effective 
colonizers). These associations between mechanisms and 
structures are those originally proposed when the structures 
were first identified or conceived by ecologists. However, 
many mechanisms or combinations of mechanisms could 
give rise to any of these metacommunity structures, as 
empirical structures are an emergent property that charac-
terizes associations between the ranges of all species in a 
metacommunity along a latent environmental gradient. For 
example, strong environmental filtering could lead to any 
metacommunity structure, depending on the particular set of 
responses evinced by species to the dominant environmental 
gradient, with species ranges potentially forming compart-
ments, forming nested subsets, evincing random associa-
tions with each other, or with species responding to multiple 
environmental gradients.

The framework developed by Leibold and Mikkelson 
(2002) distinguishes each of these idealized structures 
based on three characteristics of species distributions (i.e., 
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the elements of metacommunity structure: coherence, 
range turnover, and range boundary clumping). However, 
a mismatch exists between the concept of checkerboard 
metacommunity structure and the methods used to detect 
it. Methodologically, it is unlikely that checkerboard meta-
community structure can be empirically distinguished 
from random structure, as the predominant mechanism that 
molds both random and checkerboard structures is the same. 
Importantly, this does not necessarily mean that checker-
board metacommunity structures do not exist, only that the 
proposed methods cannot distinguish those structures from 
random ones. We review the primacy of coherence in meta-
community analyses, outline the defining criteria of check-
erboard metacommunity structure, identify the mismatch 
between the effects of these criteria and the analytical results 
considered to be characteristic of checkerboard metacom-
munities, emphasize the rarity of empirical checkerboard 
metacommunities, and conclude with implications on analy-
ses of coherence and detection of checkerboard metacom-
munity structure.

Coherence: the primary element 
of metacommunity structure

A fundamental assumption in ecology is that the abun-
dances of species along underlying environmental gradients 
are Gaussian: modal in form with continuous distributions 
(Gauch and Whittaker 1972; Austin 1985; Blonder 2016). 
As such, species should occupy a coherent range of sites 
along environmental gradients (i.e., no gaps or discontinui-
ties should exist in the fundamental niche a of species). For 
an entire metacommunity to exhibit coherence, the ranges 
of a preponderance of species must be coherent along the 
same environmental gradient. The nature of responses to 
the gradient may differ among species (i.e., the locations or 
extents of ranges may differ among species), giving rise to 
a plethora of metacommunity structures. Importantly, each 
empirical metacommunity structure is defined with respect 
to a particular latent environmental gradient, which may be 
defined by axes of ordination, geographical location, species 
richness and frequency of occurrence, or researcher-defined 
environmental conditions. Consequently, the same metacom-
munity may exhibit different metacommunity structure along 
different gradients.

In general, analyses of metacommunity structure are con-
ducted on site-by-species matrices that have been ordered 
via reciprocal averaging (Hill 1973). Reciprocal averaging 
simultaneously optimizes the proximity of species with 
similar distributions as well as the proximity of sites with 
similar species compositions in the matrix. In doing so, 
reciprocal averaging maximizes the coherence of species 
distributions and the coherence of community compositions, 

thereby allowing the distributions of the entire suite of spe-
cies under consideration to define one or more latent envi-
ronmental gradients (Gauch 1982; Presley et  al. 2009). 
Imposing particular environmental or spatial gradients can 
be challenging. Although sites are easily ordered along such 
gradients, the bases for the ordering of species are more 
difficult to determine in an unbiased and consistent fash-
ion. More importantly, it is not possible to order sites and 
species in randomly generated matrices in the same way 
when employing researcher-defined gradients (e.g., how do 
you “order” randomly generated sites and species along a 
spatial gradient?). Consequently, when using a researcher-
defined gradient, the empirical matrix is ordered using a 
different criterion than are the randomly generated matrices 
on which the null distribution of values is based. This will 
lead in inflated type I error rates when randomly generated 
matrices are not ordinated. Alternatively, analyses would be 
subject to inflated type I or II error rates due to the lack of 
correspondence between the test statistic (calculated along a 
researcher-defined gradient) and those generated to evaluate 
significance that are ordered via reciprocal averaging. Either 
of these scenarios for researcher-defined gradients results in 
a comparison of apples (user-defined empirical gradient) to 
oranges (a null distribution based on randomly generated 
matrices that are not ordinated or that are ordinated via a 
different procedure). This is not a problem for tests that use 
reciprocal averaging as both empirical and randomly gener-
ated matrices are ordered using the same procedure (i.e., 
apples to apples). This coincidence of approach in dealing 
with empirical and simulated metacommunities is a hall-
mark of rigorous null model approaches.

The number of embedded absences (i.e., discontinuities 
in species distributions or in community compositions with 
respect to a latent gradient) is the basis for evaluation of 
coherence. This metric represents the number of deviations 
from “perfect coherence”. This is analogous to the approach 
used to analyze nested subsets, in which deviations from 
perfect nestedness are measured after species and communi-
ties are rearranged to be as nested as possible along a rich-
ness gradient (Ulrich et al. 2009). Empirical deviation from 
perfect coherence is then compared to a distribution of like 
values generated via a null model (Leibold and Mikkelson 
2002; Presley et al. 2010). If a metacommunity has fewer 
embedded absences than expected by chance, it has positive 
coherence; if it has more embedded absences than expected 
by chance, it has negative coherence; and if the number of 
embedded absences is indistinguishable from that generated 
by random processes, it is non-coherent (Leibold and Mik-
kelson 2002).

Coherence is characteristic of 12 of the 14 described 
metacommunity structures (Presley et al. 2010), includ-
ing Clementsian, Gleasonian, evenly spaced, and nested 
structures, as well as their associated quasi-structures. It is 
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important to recognize that all structures occur somewhere 
in a 3-dimensional space defined by the 3 elements of meta-
community structure (see Fig. 1 of Dallas and Presley 2014), 
and that the named structures are convenient categories that 
facilitate the comparison of structures and the identifica-
tion of processes. Unique combinations of range turnover 
and range boundary clumping distinguish among coherent 
structures. Alternatively, if a preponderance of species does 
not respond to the same environmental gradient, distribu-
tions will not form a coherent structure and the metacommu-
nity has “random structure” (Leibold and Mikkelson 2002). 
Importantly, this does not necessarily mean that species 
occur at random with respect to environmental gradients. 
Rather, if species distributions are associated with differ-
ent gradients, they would fail to exhibit coherence along a 
single common gradient (i.e., ranges occur at random with 
respect to one another, not with respect to environmental 
variation in general). Finally, negative coherence is indica-
tive of checkerboard metacommunity structure (Leibold and 
Mikkelson 2002); a pattern defined by species distributions 
that have more discontinuities than expected by chance. This 
overabundance of discontinuities is expected because of the 
geographical interspersion of mutually exclusive species that 
form checkerboard distributions (Diamond 1975).

Negative coherence and checkerboards

Two processes are hypothesized to give rise to negative 
coherence and checkerboard metacommunity structure: 
(1) mutual exclusion between pairs of ecologically similar 
species that create interspersed geographical distributions 
(MacArthur et al. 1972; Diamond 1975), and (2) pairs of 
mutually exclusive species occurring at random with respect 
to other such pairs (Leibold and Mikkelson 2002). The com-
binations of ecological mechanisms (e.g., priority effects, 
competition, dispersal limitation, microhabitat variation) 
that lead to mutual exclusion creates gaps in the environ-
mental distributions of species. This contrasts with the idea 
that the distributions of species should be continuous along 
underlying environmental gradients (the basis for positive 
coherence), and thus in theory could lead to the opposite 
pattern (negative coherence). If mutually exclusive species 
pairs exist, but have distributions that are defined by the 
same environmental gradient, a metacommunity structure 
with positive coherence manifests (Fig. 1). Using a literal 
checkerboard pattern as an example, members of mutually 
exclusive species pairs occur in groups that form two com-
munities that are distinct from one another (Fig. 1a). Con-
sequently, this apparent checkerboard pattern has Clement-
sian structure (i.e., positive coherence, range turnover, and 
boundary clumping) with two compartments at the meta-
community level (Fig. 1d). Similarly, if range boundaries are 

spaced evenly or occur at random along the environmental 
gradient, apparent checkerboard patterns (Figs. 1b, c) have 
evenly spaced (Fig. 1e) or Gleasonian (Fig. 1f) structure, 
respectively.

Groups of sites that have multiple sets of mutually exclu-
sive species also fail to exhibit checkerboard structure at 
the metacommunity level. For example, data on breeding 
birds from the Pearl Archipelago of Panama was used to 
help develop the concept of checkerboard distributions 
(MacArthur et al. 1972). However, this metacommunity 
of 61 species from 17 islands has positive coherence and 
negative turnover, consistent with nested metacommunity 
and not checkerboard metacommunity structure (Fig. 2). 
Clearly, checkerboard distributions based on multiple sets 
of ecologically similar species do not necessarily result in a 
checkerboard metacommunity structure when all species in 
the metacommunity are considered simultaneously.

The two criteria in the definition of checkerboard meta-
community structures (i.e., competitive exclusion and inde-
pendence among distributions of species pairs) have oppos-
ing and unequal effects on coherence. To demonstrate the 
relative effects of these phenomena, consider a metacommu-
nity of 8 species and 8 sites comprising 4 pairs of mutually 
exclusive species with independent relationships among all 
such pairs (i.e., the conceptual definition of a checkerboard 
metacommunity structure sensu Leibold and Mikkelson 
2002). The ranges of any single pair of mutually exclusive 
species could be made coherent if we ignored the ranges of 
the other species (Fig. 3a, b); however, because the ranges 
of all other species are independent of the mutually exclu-
sive pair that was forced to be coherent, the net effect will 
be a random structure. In this example, each species has 
one mutually exclusive partner and 6 species with which its 
range has a random association, resulting in random asso-
ciations describing relationships between species distribu-
tions 6 times more often than does competitive exclusion. Of 
course, this is not how reciprocal averaging orders species 
or communities, but the net effect would be the same for any 
ordination: the primary structuring mechanism based on the 
conceptual definition of checkerboard metacommunity struc-
ture is randomness. Indeed, the metacommunity in Fig. 3a 
is non-coherent (P = 0.700), indicating random structure. 
Consequently, this metacommunity designed to be perfectly 
consistent with the checkerboard metacommunity concept 
evinces non-coherence and random structure rather than the 
predicted negative coherence and checkerboard structure!

For metacommunities comprising multiple sets of mutu-
ally exclusive species pairs, relative effects of random 
associations compared to mutually exclusive associations 
between species in checkerboard metacommunities increases 
very rapidly, with the proportion of associations that are ran-
dom defined by the formula S−2

S−1
 , where S is species richness 

of the metacommunity (Fig. 4). When only 1 pair exists, no 
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Fig. 1   Examples of a traditional checkerboard patterns (a–c) sensu 
Diamond (1975) and the metacommunity structures they represent 
after ordination via reciprocal averaging, including Clementsian (d), 
evenly spaced (e), and Gleasonian (f) structures. In each of these 

cases, the distributions of mutually exclusive species pairs (indicated 
by colors) are not independent of one another, but exhibit perfect 
coherence with respect to a common environmental gradient
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associations are random. However, when 5 pairs exist, each 
of the 10 species have 1 mutually exclusive association and 
8 random associations (i.e., each species has S − 1 associa-
tions of which S − 2 are random). We emphasize that the 
mismatch between the concept of the checkerboard meta-
community structure and the ability to detect that structure 
via analysis of elements of metacommunity structure (sensu 
Leibold and Mikkelson 2002) is not contingent on the use 
of reciprocal averaging. Regardless of the procedure used to 
order sites and species, the preponderance of associations 
between species ranges must be random, making structures 
that arise from the checkerboard metacommunity concept 
indistinguishable from the idea that species ranges are not 
associated with the same environmental gradient (i.e., the 
definition of random structure). Indeed, the only difference 
between the conceptual definitions of random and checker-
board structures is that each species in a checkerboard meta-
community has a single mutually exclusive association with 
another species!

This effect likely explains why empirical checkerboard 
metacommunity structures (i.e., negative coherence) are 
rare, representing only 7 of 766 structures reported in 90 
studies through April 10, 2019 (Appendix in Supplemen-
tary material), a far lower rate than one would expect to 
represent Type I errors. The 3 cases of checkerboards in 
free-living taxa represent instances of low matrix fill with 
rare or difficult to detect species dominating the meta-
community: eurybiont oribatid mites from Holarctic peat 
bogs (Mumladze et al. 2013), gleaning animalivorous bats 
in Costa Rica (Cisneros et al. 2015), and carabiid beetles 
from the Kinzig River in Germany (Tonkin et al. 2016). 
The remaining 4 checkerboards were observed in parasitic 
infracommunities, a scale (i.e., the host individual) at which 
patterns are difficult to detect because they represent depau-
perate subsamples of component communities (Poulin 1997; 
Dallas and Presley 2014): helminth infracommunities from 
Didelphis aurita in rural Brazil (Costa-Neto et al. 2018), 
early larval and pupal stages of spruce budworms (Marrec 
et al. 2018), and viruses from bats in the Neotropics (Nieto-
Rabiela et al. 2018). These “checkerboard metacommunity 
structures” may represent cases of pervasive detection error, 
with empirical metacommunities characterized by false 
absences rather than by independently associated pairs of 
mutually exclusive species. Such cases would benefit from 
the application of occupancy modeling via detection error-
corrected elements of metacommunity structure (DECEMS, 
Mihaljevic et al. 2015).

An extensive analysis of pairwise species segregation 
for birds detected general trends consistent with the above 
interpretations (Korňan and Svitok 2018). Few pairs of spe-
cies (< 0.3% of all possible species pairs) exhibited species 
segregation with possible biological significance. Moreover, 
segregation was more likely to be detected in matrices with 

Fig. 2   Distributions of breeding non-marine bird species from the 
Pearl Archipelago (MacArthur et al. 1972). The metacommunity was 
ordinated via reciprocal averaging and exhibited positive coherence 
(Embedded absences = 369, P = 0.006, Mean number of absences 
from randomly generated matrices = 447) and negative turnover 
(Replacements = 6786, P < 0.001, Mean number of replacements 
from randomizations = 14,453), consistent with nested structure. 
Black cells represent species presences; gray cells are embedded 
absences in species distributions
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low fill (similar to metacommunities dominated by hard to 
detect species) and were less likely to be detected in stud-
ies with small plot sizes (i.e., plots that likely represented 
depauperate subsets of the local community).

Conclusions

Because methods used to quantify elements of metacommu-
nity structure cannot effectively detect checkerboard meta-
community structure as defined conceptually (sensu Leibold 
and Mikkelson 2002), we should ask where in nature would 
we expect to find a metacommunity with several orthogonal 

environmental gradients along which the distributions of 
mutually exclusive species pairs could occur? It is difficult to 
imagine more than a few such gradients occurring in a single 
metacommunity. In a montane forest system, there could be 
multiple independent gradients to which a biota responds: 
one associated with elevation, one associated with versant 
(e.g., eastern versus western slopes of a mountain range), 
and one associated with height above the forest floor. Even if 
a metacommunity only included 6 species (1 mutually exclu-
sive pair per gradient), random associations between species 
would be 4 times more common than mutually exclusive 
ones (i.e., each species distribution would exhibit mutual 
exclusion with 1 species and have random associations with 

Fig. 3   A metacommunity with four mutually exclusive pairs of spe-
cies (indicated by colors), whose distributions are associated with 
different gradients (i.e., whose distributions are independent of one 
another) (a), and a manual ordination of sites to maximize coherence 
of one mutually exclusive species pair (black) demonstrating the lack 
of range coherence in the remaining mutually exclusive species pairs 
(b). An example with two sets of four mutually exclusive species 

whose distributions are associated with the same environmental gra-
dient (c) and an ordination via reciprocal averaging showing that this 
metacommunity has compartments, resulting in Clementsian struc-
ture (d), with the number of compartments equal to the number of 
species that are mutually exclusive within each set. Mutually exclu-
sive sets of species are indicated by different colors



330	 Oecologia (2019) 190:323–331

1 3

each of the 4 species whose distributions are associated with 
other gradients), leading to random metacommunity struc-
ture based on analyses of coherence. Multiple pairs of mutu-
ally exclusive species associated with each gradient would 
maintain non-coherence or possibly result in positive coher-
ence if most species distributions were associated with the 
same gradient (Fig. 1), but additional sets of mutually exclu-
sive species would not contribute to negative coherence.

Currently, no known mechanism is consistent with 
a metacommunity structure characterized by negative 
coherence. Although negative coherence may indicate 
that communities are insufficiently sampled or represent 
depauperate subsets of the ecological communities of 
interest, these same phenomena more commonly result 
in non-coherence. Consequently, negative coherence and 
non-coherence likely represent a distinction that cannot 
be detected via analysis of coherence, as they convey the 
same information about metacommunity structure (i.e., 
that species distributions are not associated with the same 
environmental gradient or that communities are insuffi-
ciently characterized). As such, the alternative hypothesis 
to the null of “species distributions have random associa-
tion with respect to one another” should be “species distri-
butions are molded by a common environmental gradient”, 

which represents a one-tailed test for positive coherence 
characterized by fewer embedded absences than expected 
by chance. Perhaps mechanisms not yet identified could 
lead to negative coherence; in such cases two-tailed tests 
should be used to account for hypotheses that posit nega-
tive coherence. However, for the vast majority of circum-
stances, the current two-tailed approach for analysis of 
coherence is conservative, with half of the rejection region 
occurring in a direction from the null hypothesis for which 
we have no reasonable biological expectation.

In his original treatise of community assembly, Dia-
mond (1975) defined checkerboard distributions as pat-
terns in which “two or more ecologically similar species 
have mutually exclusive interdigitating distributions”. 
However, increasing the number of species in a set of 
mutually exclusive species does not change the fact that if 
sets of ecologically similar species with mutually exclu-
sive distributions are associated with the same environ-
mental gradient, ordination of that metacommunity will 
reveal a coherent structure with positive turnover (Fig. 3c, 
d). As such, checkerboard distributions describe a pattern 
associated with only a subset of a metacommunity, and 
likely are best evaluated only for each set of ecologically 
similar species rather than for entire metacommunities 
(Ulrich and Gotelli 2013; Connor et al. 2013). Methods 
already exist that are effective at measuring co-occurrence 
among groups of ecologically similar species (Schluter 
1984; Stone and Roberts 1990) and for evaluating if these 
patterns differ from random expectations due to regional 
allopatry (EcoSimR, Gotelli et al. 2015) or as true check-
erboards (Connor et al. 2013). Therefore, we recommend 
that (1) checkerboard distributions, patterns of segregation 
or aggregation, or true checkerboards should be evaluated 
only for ecologically similar species as originally proposed 
by Diamond (1975), and (2) attempts to identify check-
erboard metacommunity structure via analysis of coher-
ence should be abandoned because the methodological 
approach cannot distinguish between conceptual checker-
board and random metacommunity structures.
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nity that comprise mutually exclusive species pairs, when designed 
to perfectly conform to the theoretical description of a checkerboard 
metacommunity (Leibold and Mikkelson 2002). More specifically, 
each species has S − 1 associations with other species, and S − 2 of 
those associations are random for each species, whereas 1 associa-
tion is mutually exclusive. Consequently, S−2

S−1
 describes the proportion 

of associations between species distributions that are random, where 
S is the richness of the metacommunity. Perfect checkerboard meta-
communities (sensu Leibold and Mikkelson 2002), comprising 12 or 
more species are dominated (> 90%) by random interspecific associa-
tions. Metacommunity with 12 species indicated by a black dot and 
vertical dashed line, horizontal dashed line indicates 90% of interspe-
cific associations
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Checker Quasi- Evenly Quasi- Quasi- Quasi-
Authors Year board Random Nested nested spaced evenly spaced Gleasonian Gleasonian Clementsian Clementsian

Alignier 2018 1 1
Almeida and Cetra 2016 1
Arriaga-Flores 2012 16 13 6 1 1 3
Barone et al. 2008 4
Bloch et al. 2007 1
Bloch and Klingbeil 2015 1
Bonthoux and Balent 2015 2
Braga 2016 1 3
Brasil et al. 2017 5 1 2 1
Bried et al. 2015 6 1 1 1 3
Bried and Siepielski 2018 10 2 63 5
Brustolin 2018 2 5 2
Burns 2007 1
Burns 2008 1
Cagnolo et al. 2011 2
Cardoso et al. 2018 2
Cisneros et al. 2015 1 1 2 2
Costa-Neto et al. 2018 1 2 1 1
da Silva and Rossa-Feres 2017 2 2
Dallas and Drake 2014 1 3
Dallas et al. 2016 1
Dallas and Presley 2014 2 1 1
de la Sancha et al. 2014 1 6 1
Delciellos et al. 2018 1 2
Diaz et al. 2013 2 1 3 2
Dümmer et al. 2016 15 8 1 9 1
Erős et al. 2014 2 2 3 11
Erős et al. 2017 2 2 3
Fernandes et al. 2014 1 2 1 3
Gafta 2014 1 1

Reference
Appendix. Published metacommunity structures based on analysis of coherence, range turnover, and boundary clumping along primary axes of correspondence.
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Checker Quasi- Evenly Quasi- Quasi- Quasi-
Authors Year board Random Nested nested spaced evenly spaced Gleasonian Gleasonian Clementsian Clementsian

Gao et al. 2016 2
García-Peña et al. 2016 1 1
Gascón et al. 2016 1 1 1
Guo et al. 2019 4 4 4
Heino and Alahuhta 2015 4
Heino et al. 2015a 2 1 1 3 4 4 3
Heino et al. 2015b 8 11 5 4 11 5
Heino et al. 2016 1 9 2
Henckel et al. 2019 1
Hernández-Gómez et al. 2017 1
Hoverman et al. 2011 1
Johnson et al. 2013 1
Josefson 2016 3
Josefson et al. 2018 1 4 1
Keith et al. 2011 2
Keith et al. 2013 1
Keppeler et al. 2016 1
Kratochwil et al. 2009 2
Kusch et al. 2005 6 1 9 2 2
Leavitt and Fitzgerald 2013 1 1
López-Delgado 2019 2 3
López-Gonzalez and Lozano 2015 1 1
López-Gonzalez et al. 2012 3 2 1 4 1
Maasri et al. 2018 1 1
Marcilio-Silva et al. 2017 4
Marrec et al. 2018 2 1
McCauley et al. 2008 1
Medina Torres and Higgins 2016 1 2 5
Meynard et al. 2013 5
Mihaljevic et al. 2018 2 3
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Checker Quasi- Evenly Quasi- Quasi- Quasi-
Authors Year board Random Nested nested spaced evenly spaced Gleasonian Gleasonian Clementsian Clementsian

Mumladze et al. 2013 1 2 1 2
Newton et al. 2012 2
Nieto-Rabiela et al. 2018 1 16 3 7
Ochoa-Ochoa and Whittaker 2014 1 2 1
Pelinson 2016 2 2 2 2 1 1
Petsch et al. 2017 2 2
Presley and Willig 2010 3 4 1 1 10 5
Presley et al. 2009 1 2 1
Presley et al. 2011 1 1
Presley et al. 2012 1 1 1
Ptatscheck et al. 2015 1
Reardon and Schoeman 2017 1
Richgels et al. 2013 1
Ríos Blanco 2013 4 1 2
Ross et al. 2016 1
Ryberg and Fitzgerald 2015 1
Samu et al. 2018 1
Schiesari and Corrêa 2015 1
Shevtsov et al. 2013 1 2 8 4
Tonkin et al. 2015 3 1
Tonkin et al. 2016 1 25 4 24 7 4 13
Tonkin et al. 2017 1 1 4 3 4 2
Tonkin et al. 2018 8 1 8 1 4 2
Valanko et al. 2015 3 1 4
Vieira 2015 4 1
Werner 2007 1
Whippo et al. 2018 1
Willig et al. 2011 1 1
Wojciechowski et al 2017 1 8 2 5 5 4 7
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Checker Quasi- Evenly Quasi- Quasi- Quasi-
Authors Year board Random Nested nested spaced evenly spaced Gleasonian Gleasonian Clementsian Clementsian

Yeh et al. 2015 11 1 1 2
Total 766 7 180 56 65 2 1 80 48 220 107
Percent of total 0.91 23.50 7.31 8.49 0.26 0.13 10.44 6.27 28.72 13.97

Appendix (continued)
Reference

 

 



Presley et al. Electronic Supplementary Material 

Literature Cited 

Alignier A (2018) Two decades of change in a field margin vegetation metacommunity as a 

result of field margin structure and management practice changes. Agric Ecosyst Environ 

251:1-10 

Almeida RS, Cetra M (2016) Longitudinal gradient effects on the stream fish Metacommunity. 

Natureza & Conservação 14:112-119 

Arriaga-Flores JC. (2012) Evaluación global de estructura de metacomunidades de murciélagos 

en gradients elevacionales. MS Thesis, Instituto Tecnológico de Ciudad Victoria, Victoria, 

Tamaulipas, México 

Barone JA, Thomlinson J, Anglada Cordero P, Zimmerman JK (2008) Metacommunity structure 

of tropical forests along an elevational gradient in Puerto Rico. J Trop Ecol 24:525-534 

Bloch CP, Higgins CL, Willig MR (2007) Effects of large-scale disturbance on metacommunity 

structure of terrestrial gastropods: temporal trends in nestedness. Oikos 116:395-406 

Bloch CP, Klingbeil BT 2016. Anthropogenic factors and habitat complexity influence 

biodiversity but wave exposure drives species turnover of a subtropical rocky inter-tidal 

metacommunity. Mar Ecol 37:64-76 

Bonthoux S, Balent G (2015) Bird metacommunity processes remain constant after 25 years of 

landscape changes. Ecol Complex 21:39-43 

Braga CA (2016) Estrutura de metacomunidades de rodentia das regiões serranas do nordeste do 

Brasil: uma análise ecológica e biogeográfica. Doctoral Thesis. Universidade Federal do Rio 

de Janeiro, Rio de Janeiro, Brazil 



Presley et al. Electronic Supplementary Material 

Brasil LS, Bernardi Vieira T, Barbosa de Oliveira‐Junior JM, Dias‐Silva K, Juen L (2017) 

Elements of metacommunity structure in Amazonian Zygoptera among streams under 

different spatial scales and environmental conditions. Ecol Evol 7:3190-3200 

Bried JT, McIntyre NE, Dzialowski AR, Davis CA (2015) Resident-immigrant dichotomy 

matters for classifying wetland site groups and metacommunities. Freshwater Biol 60:2248-

2260 

Bried JT, Siepielski AM (2018) Opportunistic data reveal widespread species turnover in 

Enallagma damselflies at biogeographical scales. Ecography 41:958-970 

Brustolin MC (2018) Relationships between the spatial variation of meiobenthic communities 

and landscape attributes. Doctoral Thesis. Universidade Federal do Paraná, Curitiba, Paraná, 

Brazil 

Burns EC (2007) Network properties of an epiphyte metacommunity. J Ecol 95:1142-1151 

Burns EC (2008) Meta-community structure of vascular epiphytes in a temperate rainforest. 

Botany 86:1252-1259 

Cagnolo L, Salvo A, Valladares G (2011) Network topology: patterns and mechanisms in plant-

herbivore and host-parasitoid food webs. J Anim Ecol 80:342-351 

Cardoso TS, Braga CAC, Macabu CE, Simões RO (2018) Helminth metacommunity structure of 

wild rodents in a preserved area of the Atlantic Forest, Southeast Brazil. Braz J Vet Parasitol 

27:495-504 

Cisneros LM, Fagan ME, Willig MR (2015) Season-specific and guild-specific effects of 

anthropogenic landscape modification on metacommunity structure of tropical bats. J Anim 

Ecol 84:373-385 



Presley et al. Electronic Supplementary Material 

Costa-Neto SF, Cardoso TS, Boullosa RG, Maldonado A Jr, Gentile R (2018) Metacommunity 

structure of the helminths of the black-eared opossum Didelphis aurita in peri-urban, sylvatic 

and rural environments in south-eastern Brazil. J Helminthol 

doi:10.1017/S0022149X18000780. 

da Silva FR, de Cerqueira Rossa-Feres D (2017) Fragmentation gradients differentially affect the 

species range distributions of four taxonomic groups in semi-deciduous Atlantic forest. 

Biotropica 49:282-292 

Dallas T, Drake JM (2014) Relative importance of environmental, geographic, and spatial 

variables on zooplankton metacommunities. Ecosphere 5:104 

Dallas T, Kramer AM, Zokan M, Drake JM (2016) Ordination obscures the influence of 

environment on plankton metacommunity structure. Limnol Oceanogr Lett 1:54-61 

Dallas T, Presley SJ (2014) Relative importance of host environment, transmission potential, and 

host phylogeny to the structure of parasite metacommunities. Oikos 123:866-874 

de la Sancha N, Higgins CL, Presley SJ, Strauss RE (2014) Metacommunity structure in a highly 

fragmented forest: has deforestation in the Atlantic Forest altered historic biogeographic 

patterns? Divers Distrib 20:1058-1070 

Delciellos AC, Borges-Júnior VN, Prevedello JA, Ribeiro SE, Braga C, Vieira MV, Cerqueira R 

(2018) Seasonality in metacommunity structure: an empirical test in the Atlantic Forest. 

Landscape Ecol 33:1769-1783 

Diaz A, Keith SA, Bullock JM, Hooftman DAP, Newton AC (201) Conservation implications of 

long-term changes detected in a lowland heath plant metacommunity. Biol Conserv 167:325-

333 



Presley et al. Electronic Supplementary Material 

Dümmer B, Ristau K, Traunspurger W (2016) Varying patterns on varying scales: a 

metacommunity analysis of nematodes in European lakes. PLoS ONE 11:e0151866 

Erős T, Sály P, Takács P, Higgins CL, Bíró P, Schmera D (2014) Quantifying temporal 

variability in the metacommunity structure of stream fishes: the influence of non-native 

species and environmental drivers. Hydrobiologia 722:31-43 

Erős T, Takács P, Specziár A, Schmera D, Sály P 2017. Effect of landscape context on fish 

metacommunity structuring in stream networks. Freshwater Biol 62:215-228 

Fernandes IM, Henriques‐Silva R, Penha J, Zuanon J, Peres‐Neto PR (2014) Spatiotemporal 

dynamics in a seasonal metacommunity structure is predictable: the case of floodplain-fish 

communities. Ecography 37:464-475 

Gafta D (2014) Do species incidence matrices reflect different degrees of plant community 

integration? Plant Ecol Evol 147:11-21 

Gao M, Liu D, Lin L, Wu D (2016) The small-scale structure of a soil mite metacommunity. Eur 

J Soil Biol 74:69-75 

García-Peña GE, Garchitorena A, Carolan K, Canard E, Prieur‐Richard A-H, Suzán G, Mills JN, 

Roche B, Guégan J-F (2016) Niche-based host extinction increases prevalence of an 

environmentally acquired pathogen. Oikos 125:1508-1515 

Gascón S, Arranz I, Cañedo-Argüelles M, Nebra A, Ruhí A, Rieradevall M, Caiola N, Sala J, 

Ibàñez C, Quintana XD, Boix D (2016) Environmental filtering determines metacommunity 

structure in wetland microcrustaceans. Oecologia 181:193-205 

Guo Y, Gaob M, Liua J, Zaitsevd AS, Wu D (2019) Disentangling the drivers of ground-

dwelling macro-arthropod metacommunity structure at two different spatial scales. Soil Biol 

Biochem 130:55-62 



Presley et al. Electronic Supplementary Material 

Heino J, Alahuhta J (2015) Elements of regional beetle faunas: faunal variation and 

compositional breakpoints along climate, land cover and geographical gradients. J Anim Ecol 

84:427-441 

Heino J, Nokela T, Soininen J, Tolkkinen M, Virtanen L, Virtanen R (2015a) Elements of 

metacommunity structure and community-environment relationships in stream organisms. 

Freshwater Biol 60:973-988 

Heino J, Soininen J, Alahuhta J, Lappalainen J, Virtanen R (2017) Metacommunity ecology 

meets biogeography: effects of geographical region, spatial dynamics and environmental 

filtering on community structure in aquatic organisms. Oecologia 183:121-137 

Heino J, Soininen J, Alahuhta J, Lappalainen J, Virtanen R (2015b) A comparative analysis of 

metacommunity types in the freshwater realm. Ecol Evol 5:1525-1537 

Henckel L, Meynard CN, Devictor V, Mouquet N, Bretagnolle V (2019) On the relative 

importance of space and environment in farmland bird community assembly. PLoS ONE 

14:e0213360 

Hernández-Gómez O, Hoverman JT, Williams RN (2017) Cutaneous Microbial Community 

Variation across Populations of Eastern Hellbenders (Cryptobranchus alleganiensis 

alleganiensis). Front Microbiol 8:1379 

Hoverman JT, Davis CJ, Werner EE, Skelly DK, Relyea RA, Yurewicz KL (2011) 

Environmental gradients and the structure of freshwater snail communities. Ecography 

34:1049-1058 

Johnson PTJ, Hoverman JT, McKenzie VJ, Blaustein AR, Richgels KLD (2013) Urbanization 

and wetland communities: applying metacommunity theory to understand the local and 

landscape effects. J Appl Ecol 50:34-42 



Presley et al. Electronic Supplementary Material 

Josefson AB (2016) Species sorting of benthic invertebrates in a salinity gradient – importance 

of dispersal limitation. PLoS ONE 11:e0168908 

Josefson AB, Loo L-O, Blomqvist M, Rolandsson J (2018) Substantial changes in the depth 

distributions of benthic invertebrates in the eastern Kattegat since the 1880s. Ecol Evol 

doi:10.1002/ece3.4395 

Keith SA, Newton AC, Morecroft MD, Golicher DJ, Bullock JM (2011) Plant metacommunity 

structure remains unchanged during biodiversity loss in English woodlands. Oikos 120:302-

310 

Keith SA, Baird AH, Hughs TP, Madin JS, Connolly SR (2013) Faunal breaks and species 

composition of Indo-Pacific corals: the role of plate tectonics, environment and habitat 

distribution. Proc R Soc B 280:20130818 

Keppeler FW, Cruz DA, Dalponti G, Mormul RP (2016) The role of deterministic factors and 

stochasticity on the trophic interactions between birds and fish in temporary floodplain 

ponds. Hydrobiologia 773:225-240 

Kratochwil A, Beil M, Schwabe A (2009) Complex structure of pollinator-plant interaction-

webs: random, nested, with gradients or modules? Apidologie 40:634-650 

Kusch J, Goedert C, Meyer M (2005) Effects of patch type and food specializations on fine 

spatial scale community patterns of nocturnal forest associated Lepidoptera. J Res 

Lepidoptera 38:67-77 

Leavitt DJ, Fitzgerald LA (2013) Disassembly of a dune-dwelling lizard community due to 

landscape fragmentation. Ecosphere 4:97 



Presley et al. Electronic Supplementary Material 

López-Delgado EO, Winemiller KO, Villa-Navarro FA (2019) Do metacommunity theories 

explain spatial variation in fish assemblage structure in a pristine tropical river? Freshwater 

Biol 64:367-379 

López-González C, Lozano A 2015. Metacommunity structure of small mammals in western 

Mexico: is the San Pedro-Mezquital River a biological corridor? Southwest Nat 60:327-335 

López-González C, Presley SJ, Lozana A, Stevens RD, Higgins CL (2012) Metacommunity 

analysis of Mexican bats: environmentally mediated structure in an area of high geographic 

and environmental complexity. J Biogeogr 39:177-192 

Maasri A, Hayford B, Erdenee B, Gelhaus J (2017) Macroscale drivers influencing the structural 

and functional organization of stream macroinvertebrate metacommunities: potential role of 

hydrological connectivity. Freshw Sci 37:159-168 

Marcilio-Silva V, Zwiener VP, Marques MCM (2017) Metacommunity structure, additive 

partitioning and environmental drivers of woody plants diversity in the Brazilian Atlantic 

Forest. Divers Distrib 23:1110-1119. 

Marrec R, Pontbriand-Paré O, Legault S, James PMA (2018) Spatiotemporal variation in drivers 

of parasitoid metacommunity structure in continuous forest landscapes. Ecosphere 9:e02075 

McCauley SJ, Davis CJ, Relyea RA, Yurewicz KL, Skelly DK, Werner EE (2008) 

Metacommunity patterns in larval odonates. Oecologia 158:329-342 

Medina Torres KM, Higgins, CL (2016) Taxonomic and functional organization in 

metacommunity structure of stream-fish assemblages among and within river basins in 

Texas. Aquatic Ecol 50:247-259 



Presley et al. Electronic Supplementary Material 

Meynard CN, Lavergne S, Boulangeat I, Garraud L, Van Es J, Mouquet N, Thuiller W (2013) 

Disentangling the drivers of metacommunity structure across spatial scales. J Biogeogr 

40:1560-1571 

Mihaljevic JR, Hoye BJ, Johnson PTJ (2018) Parasite metacommunities: Evaluating the roles of 

host community composition and environmental gradients in structuring symbiont 

communities within amphibians. J Anim Ecol 87:354-368 

Mumladze L, Murvanidze M, Behan-Pelletier V 2013. Compositional patterns in Holarctic peat 

bog inhabiting oribatid mite (Acari: Oribatida) communities. Pedobiologia 56:41-48 

Nieto-Rabiela F, Suzán G, Wiratsudakul A, Rico-Chávez O (2018) Viral metacommunities 

associated to bats and rodents at different spatial scales. Community Ecol 19:168-175 

Newton AC, Walls RM, Golicher D, Keith SA, Diaz A, Bullock JM (2012) Structure, 

composition and dynamics of a calcareous grassland metacommunity over a 70-year interval. 

J Ecol 100:196-209 

Ochoa-Ochoa LM, Whittaker RJ (2014) Spatial and temporal variation in amphibian 

metacommunity structure in Chiapas, Mexico. J Trop Ecol 30:537-549 

Pelinson RM (2016) Estruturação de metacomunidades de girinos em diferentes fitofisionomias 

da Mata Atlântica: uma análise em diferentes escalas espaciais. MS Thesis, Universidade 

Estadual Paulista, “Júlio de Mesquita Filho”, Câmpus de São José do Rio Preto, São José do 

Rio Preto, São Paulo, Brazil. 

Petsch DK, Pina GD, Takeda AM (2017) Dispersal mode and flooding regime as drivers of 

benthic metacommunity structure in a Neotropical floodplain. Hydrobiologia 788:131-141 

Presley SJ, Willig MR (2010) Bat metacommunity structure on Caribbean islands and the role of 

endemics. Global Ecol Biogeogr 19:185-199 



Presley et al. Electronic Supplementary Material 

Presley SJ, Higgins CL, López-Gonález C, Stevens RD (2009) Elements of metacommunity 

structure of Paraguayan bats: multiple gradients require analysis of multiple axes of 

variation. Oecologia 160:781-793 

Presley SJ, Willig MR, Bloch CP, Castro-Arellano I, Higgins CL, Klingbeil BT (2011) A 

complex metacommunity structure for gastropods along an elevational gradient. Biotropica 

43:480-488 

Presley SJ, Cisneros LM, Patterson BD, Willig MR (2012) Vertebrate metacommunity structure 

along an extensive elevational gradient in the tropics: a comparison of bats, rodents and 

birds. Global Ecol Biogeogr 21:968-976 

Ptatscheck C, Dümmer B, Traunspurger W (2015) Nematode colonisation of artificial water-

filled tree holes. Nematology 17:911-921 

Reardon S, Schoeman MC (2017) Species richness, functional diversity and assemblage 

structure of insectivorous bats along an elevational gradient in tropical West Africa. Acta 

Chiropterol 19:273-285 

Richgels KLD, Hoverman JR, Johnson PTJ (2013) Evaluating the role of regional and local 

processes in structuring a larval trematode metacommunity of Helisoma trivolvis. Ecography 

36:854-863 

Ríos Blanco MC (2013) Estructura del metaensamblaje de murciélagos en un paisaje 

antropogénico (Ecorregión Eje Cafetero-Colombia). MS Thesis, Pontificia Universidad 

Javeriana, Bogotá, Colombia 

Ross MS, Sah JP, Ruiz PL, Spitzig AA, Subedi SC (2016) Inferring implications of climate 

change in south Florida hardwood hammocks through analysis of metacommunity structure. 

Divers Distrib 22:783-796 



Presley et al. Electronic Supplementary Material 

Ryberg WA, Fitzgerald LA (2015) Landscape composition, not connectivity, determines 

metacommunity structure across multiple scales. Ecography 39:932-941 

Samu F, Horváth A, Neidert D, Botos E, Szita E (2018) Metacommunities of spiders in grassland 

habitat fragments of an agricultural landscape. Basic Appl Ecol 31:92-103 

Schiesari L, Corrêa DT (2016) Consequences of agroindustrial sugarcane production to 

freshwater biodiversity. GCB Bioenergy 8:644-657 

Shevtsov J, Wickings K, Patten BC (2013) Evaluating the role of biotic interactions in 

structuring communities using a gradient analysis of multiple interacting guilds. Oikos 

122:1594-1605 

Tonkin JD, Death RG, Muotka T, Astorga A, Lytle DA (2018) Do latitudinal gradients exist in 

New Zealand stream invertebrate metacommunities? PeerJ 6:e4898 

Tonkin JD, Shah RDT, Shah DN, Hoppeler F, Jähnig SC, Pauls SU (2017) Metacommunity 

structuring in Himalayan streams over large elevational gradients: the role of dispersal routes 

and niche characteristics. J Biogeogr 44:62-74 

Tonkin JD, Stoll S, Jähnig SC, Haase P (2016) Elements of metacommunity structure of river 

and riparian assemblages: communities, taxonomic groups and deconstructed trait groups. 

Ecol Complex 25:35-43 

Tonkin JD, Sundermann A, Jähnig SC, Haase P (2015) Environmental controls on river 

assemblages at the regional scale: an application of the elements of metacommunity structure 

framework. PLoS ONE 10:e0135450 

Valanko S, Heino J, Westerbom M, Viitasalo M, Norkko A (2015) Complex metacommunity 

structure for benthic invertebrates in a low-diversity coastal system. Ecol Evol 5:5203-5215 



Presley et al. Electronic Supplementary Material 

Viera TB (2015) Distribuição da riqueza e coocorrência em peixes de riachos. Doctoral Thesis. 

Universidade Federal de Goiás, Goiânia, Goiás, Brazil 

Werner EE, Skelly DK, Relyea RA, Yurewicz KL (2007) Amphibian species richness across 

environmental gradients. Oikos 116:1697-1712 

Whippo R, Knight NS, Prentice C, Cristiani J, Siegle MR, O’connor MI (2018) Epifaunal 

diversity patterns within and among seagrass meadows suggest landscape-scale biodiversity 

processes. Ecosphere 9:e02490 

Willig MR, Presley SJ, Bloch CP, Castro-Arellano I, Cisneros LM, Higgins CL, Klingbeil BT 

(2011) Tropical metacommunities along elevational gradients: effects of forest type and other 

environmental factors. Oikos 120:1497-1508 

Wojciechowski J, Heino J, Bini LM, Padial AA (2017) Temporal variation in phytoplankton beta 

diversity patterns and metacommunity structures across subtropical reservoirs. Freshwater 

Biol 62:751-766 

Yeh Y-C, Peres-Neto PR, Huang S-W, Lai Y-C, Tu C-Y, Shiah F-K, Gong G-C, Hsieh C-h 

(2015) Determinism of bacterial metacommunity dynamics in the southern East China Sea 

varies depending on hydrography. Ecography 38:198-212 


	2019 - Checkerboards
	Checkerboard metacommunity structure: an incoherent concept
	Abstract
	Introduction
	Metacommunity structure
	Coherence: the primary element of metacommunity structure
	Negative coherence and checkerboards
	Conclusions
	Acknowledgements 
	References


	Checkerboard appendix - Empirical metacommunity structures



